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Age of Al

]
DO O |

Heuristics & Machine Deep Learning Generative Al
Symbolic Al Learning 2010s-Present 2020s-Present
1950s-1980s 1800s-2010s Neural networks Models generate

Approach Approach Algorithms with many layers, (| new content (text,
Rule-based reasoning, » learn from data b enabled by GPUs f images, code, video)
logic, expert systems (statistical models, and large datasets

decision trees, SVMs) ) Example ChatGPT,
Example Chess Milestone MidJourney, GitHub
programs, Expert Example Spam Breakthrough Copilot
system filters, credit scoring performance )

surpassing human- Milestone
Limitation Brittle rules, Milestone Shift from level benchmarks in Democratization of
poor scalability, hand-coded rules to vision and speech Al creativity and
Kno learning from data » data-driven models J L y productivity tools




Generative Al ndo:ls

Generative Al 10u Al Ayvidiuanuawsalu
msadodorilky o wu Jannu mw Fev 3alo
kSo Code

lastgnisisgussuuuu lAsvasv azANUAUWUS
»ndioyaniiog uddriwradonadwsikuni

anyauzAAgAALAUFVINUUYIASIVTU

sUuuuklvyuav Gen Al hdgulsviuAa

Large Language Model (LLM)
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LLM nvaudgvls

LLM riulag “iunem (token) aalu” tuds:lon lasldvayaantioinsduuuas
AIUAUWUSUDVAINISEUSUIDINTDAIIL/AI9AYSDIUDUNIA NISYUSSIKIIVAS

train model

) - mat
“« %", The cat sat 9%
TN f ]
pY ?.u/ “"'. on theooo ‘ a ;g"g/o ‘
LLM Model ; oy ‘
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Prompt: ihliluanauu

(vau | viden | vUa | Xukv)

Prompt: laviuiwsa:
(Vou | vwug | XXAv)

Prompt: idiHuanuag
(v Usog | Xwa)

Prompt: a&1{UUoeg
(XUsos | v1UQ)
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Juasuluniswasua LLM

1. Collect and Prepare Data - sousou

GENERATIVE Al Uoya uadasUuuulhtkuizau
2. Design Architecture* - sa9auuu
iy m lasvasiv Neural Model
< 3. Training Model* - {dwavUs:udawaaviu
DATA TRAINING GENERATIVE Y L v
COLLECTION - AIMODEL AISISgUSPINUDdYA

L_) l 4. Finetuning - USUIRLKUA:AUYIUDEY LWL
0 FINE-TUNING A IUgndovUaUaaany
5. Deploy and Evaluate - Us:l0uwadne

lneuNUIasIIU LAdwaldWius:uuksSo API

*lus:auavAns Juadun 2 - 3 awisadala lagnisidaanls Pre-trained model ”



UoAQudv LLM

Accuracy - AduandaviuAudoyanld train

Randomness - naawslutkiiausaunaasb AxuaAuTUTa 100%
Hallucination - 919a$wdayanlis3y udgaukaauna
Reasoning limits - duad1AaduassazuaznIsAQLELIKONA
Knowledge cutoff - lusuayalkuaida

Data risk - Govs:visavdoyadiAayazAnutbudiudd
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AIsWwwul LLM iidunugvuia

Amortized hardware and energy cost to train frontier Al models over time =~ Z EPOCHAI

Cost (2023 USD, log scale) —— Regression mean 90% Cl of mean Using estimated cost of TPU
1B
Gemini 1.0 Ultra
100M -
GPT-4 \
PaLM (540B)
10M}- _T \
GPT-3175B (davinci)
M- AlphaGo Master Alhao e Inflection-2
AlphaZero
100k GNMT rd
- \ DALL-E
2.4x/year
1000 -
100 -
10 I T T T T T T T T
2016 2017 2018 2019 2020 2021 2022 2023 2024
Publication date
CC-BY epoch.ai

Epoch Al (2023), "Key Trends and Figures in Machine Learning". Published online at epoch.ai. Retrieved from: 'https://epoch.ai/trends' [online resource]
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LLM vuratdaaidus:ansaiwgoiu

Models that fit on a single consumer GPU trail the absolute frontier by less Z EPOCHAI
than a year.

MMLU-Pro accuracy

100% - Frontier models

M Top-1 models
[] Other models

Open models on a
consumer GPU

M Top-1 models
[[] Other models

© Mistral 7B
20%

RTX 4090 Era RTX 5090 Era
(< 28B models) (< 40B models)

0% T T T T T T T T
July 2023 Oct. 2023 Jan.2024 Apr.2024 July2024 Oct.2024 Jan.2025 Apr.2025 July 2025

Release date

CC-BY epoch.ai

Epoch Al (2023), "Key Trends and Figures in Machine Learning". Published online at epoch.ai. Retrieved from: 'https://epoch.ai/trends' [online resource]
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Gen Al's Iceberg: Data is Running Out

Projections of the stock of public text and data usage

Effective stock (number of tokens)

Estimated stock of human-
1015

Z EPOCH Al

1014
Dataset sizes used to train
notable LLMs; 95% CI

1013

1012

GPT-S -..-.-_—._«.-."

_Falcon-180B

~2028
Median date of full
stock use; 80% ClI

~2027
Median date with 5x

10" L overtraining; 80% CI
\ \ T 1 T T
2020 2022 2024 2026 2028 2030 2032 2034
Year
CC-BY epoch.ai
Epoch Al (2023), "Key Trends and Figures in Machine Learning". Published online at epoch.ai. Retrieved from: 'https://epoch.ai/trends' [online resource] 1 8



Summary: Generative Al

e Timeline of Al
e Generative AI/LLM

e Trends
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e sly Generative Al WoA1sWUUS=ansAIwWluavAAns
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NSTDA ChatAl
(v71(n9)
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Ruvav NSTDA Chat AI (s1lng)

Upauu Al lusyuuuvavnisikusais Large Language Model (LLM)
UAdwauIsagy auisaldiwotwuus:anSnTWAISHIIUYDVDVAAS
{unasuuuu

arny. dulguvraglumsurorinalulad Al vilswowuus:ansnw
AISAILIVYdLUAAIAS DEVIKUI:AULAzUaDONY

awuaisautna lasouAaukudeviulu axny. IWawauisyuuunisikusais
Chat AI maluavAns
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NSTDA ChatAlI (v1lng)

uwaawasu{gviu

Generative Al
diksuunains ainu.
WQUU1C289a91A =
_Open Source

IWWoLlaSuuds:ansnw —
n1snviulaogiva:zadin

lazdaoang

Ol OpenWebUI
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https://docs.google.com/file/d/1HQNNPpV61I5IK_XEabw5c19vKr8N2Ywr/preview

nlucavis NSTDA ChatAl ?

AIVIERT B NEMIGITE

dayaminnlisaunuilazdnans
lugadrUBwouunlutaa
laglAusms Gen Al
(mwdaanav User
Agreement wuu Enterprise)

@) chatept ¢ 3¢ Claude

Pathumma LLM

taoalsviu Al lakare Model

awisatdonldviu Model Gudi
[akarakare lagmisaduayu
21ad1UnvIu wu ChatGPT,
Claude, Pathumma LLM
nasawisawuldu Model
[aTluauina
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Chat
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Generative Al nolU
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COLLECTION syiiiau diatvau Tunisdfiicenu...

suiiay 1a1f9dy lun1s ey am.

COLLECTION shutniayanisindainivuarian

swayansTadaiaitouazaa lsenauels wew. sedia...

COLLECTION squziayatandns ISO: Guidelin...

anastayatusyuy ISO Usznaueia Guidelines, Instructions

COLLECTION s1uziayatansis ISO-DM & PM
anaisiayatusyuy ISO Hsvnausia Department Manuals, ...

FILE dnr NN2R7 N1 wsvsaaiiiniaia SarsEua

NSTDA ChatAl (21ina) (Open WebUI) - v0.6.15

¢

{gvu Collection watlaanya
vayalunmisadumaiu

duAudayamngiudayalenaismelu ainuy.
UsznaunistkAiaoau laslsinAln
Retrieval-Augmented Generation (RAG)

gudayanWalklglutoalu
- s:ugu/dauvAu
- AlavaGavadv s:liguuaznnKkuIgWaEq
- Fudoyaldnais ISO dwe
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Web Search d1uSuvirarivoya

(&

\ 2

{As:uuyvredunudayann Search Engine
Aoudvlk Al IuuJuuaualwamaummulmuwiumu
(wuutagdnu Platform Commeraal)

@ chatgpt-4o- Iatest

GPT-40-Latest is OpenAl’s fast, real-time multimodal model
(text, image, audio). Great for natural conversations, creative...

"o ' @

4 Suggested

Summarize a concept
science, technology, innovation

Aasduuuianans
Wablusduuuaiunasgiutanalssunising

A15IAVINSIENU
FavirsauaulassdaeNIassIu
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uIAsSAISa1UAINUADQAY

UaUovlagls Firewall ua=insoune
VPN dviiAdudasangdiksu
AstsneluovAns

lBOUCADSIUUNIS login AuszuuYaY &
yny. lagasy ygwuadwdasanslu
AIsguguadau

IWuUss 5n§n1wiumslﬁu§msuuu
ﬂumfoafu Autoscaler lWE)lWU/aO
NSWeNASAIEUSAS MuASiEvIU

o]

Sign in to NSTDA ChatAl (211'1ng1)
(Open WebUI)

=. Continue with Microsoft
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Timeline tuaiswauirnaztkusais

<= ! i
h L
i.n. 2568 .8. 2568 n.n. 2568 d.n. 2568
was:uunaaavmelu vengnaaavilsligusmis  venegnaaavisliunains vengmsigoiulknsau
(30 users) s:qunaiv (350 users) asny. NdU (1,300 users) AQUWUALIU ddny.
> > > >
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wauiszuulkusSns
(AAsounau_
waza=axauviadu
wiu context
localization
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aaanmistsviuvilneg (2 Wau)

gpt-5-chat-latest

chatgpt-4o-latest

@ chatgpt-4o-latest |

| gpt-5-chat-latest

Total Calls

27.3K

Total Tokens
371.6M

7 Most Used Model

chatgpt-4o-latest
18871 times
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aisioviu Al lasaruusKisnSwanasunna

(5 brainstorm wusfAa
WayuuavasvassA
yrgus=Kkgaal
uazlanidaniku
NLKUIzAUUSUN

drolumsdoarsluusun

v wudsuuavaIul
Lustihsduuuhnnssu
loglawrzmsdaans
nUAIIWazIdaad9u

~_°0O

naaavis AI Automation

- Automation workflow
IWdI1AS1:K Resume K
asvAu Job Description

- D1AdVUWUDOSIANAD
natnuynalnstngga

- naaavls Al luais
Summarize A1s:=v1U
Us:dUszauuynna
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Automation workflow wWa3i1as1:Kk Resume lKasvau Job Description

n8n

4 Personal | Recruit Candidate Analysis ~ HR

Editor  Executions  Evaluations

Google Sheets Trigger [

3 Merge
E

Extract from File

Code Google Drive.

‘Openal Chat Model -

& Execute workflow

nactve () [ share

ﬂ o Ostar

125,681

—~ M }7—&1

D
{a}-o
[y

L

—~ —03

4

Post Processing
(Deactivated)

Openal Chat Modatuctured Output
Parser

Al Analysis

Time & Date of Analysis: 2025-09-22T06:21:02.405+07:00

Summary of Candidate Profile:

fivszaunisalluans IT 53 10 11 Tas 5 Ugairediu Senior Programmer / Team Lead quafin 6 aw fiaaag
uaziialudu Infrastructure, Applications, Cloud (AWS), Microservices, DevOps waz Software
Development aginaugngu sufyanaianznaeniiamey innuwensudmsin msWansdns uazana
du5a lulasansauna Ina

Key Strengths and Relevant Experience:

o -Uszaumsal 10 Tluane IT uaz 5 1 lusumia Team Lead - quanazuswisiin Programmers, ¥inau
Tasams ERP, HR, CRM, Cloud Migration uaz System Optimization - ﬁﬂ’nuiﬁnn’ﬁu IT Infrastructure
(AWS, Docker, Kubernetes) waz DevOps (CI/CD, Monitoring, Automation) - Uszauanudsaan
Downtime, aad 18 IT, asnsssuusunadvsug niuau - fasdla SDLC, Agile/Scrum agine
Wi uasidiusnianasdnsuasiinausuiia - inszmenssnamiisamadiunisiassuasauenans
zeumaiia

Gaps or Concerns:

o - alsvaumsaings lusumis '§ians’ wisusmsiineuna najndn 10 avauly - sl lususasnasgu
ITIL, PMP, CISSP %38 AWS Certified Solutions Architect - Uszaunnsal vendor management, budgeting
w38 IT Governance fiszylitiaswsalivsingdn - msudmsTasansszau multi-stakeholder 2w luasdns
2w Inginnn w3asy dalaifivangudaweu

Overall Suitability Assessment:

o gainsfiguanifinssaiuanuasinsanid mswiiv, wasdszaunnsalTasems
Iy luasdns tech-driven wigazauszaumsalfinnislasasauaznisudmsiia lng) uiuaasdnanwgs
fun1aziin Mmsdadanagns szuu Cloud, DevOps warmsdeansiinde wmanzaniunsiasane Tas
WNEMINBIANSINANTATEI3UNTS learning curve UNNEIUATM management

Recommendation: WEAK ACCEPT
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Persona (Uunuin)

fHuaunuINtd Al Saenntfldulas wu §
1Beovney, UNNISOAI0 HEDUSSTUENS

fAav:uHonisasiowsaua

o [ oy | — - . — i ame o 3 pon —
138ugS8doansnu Generative Al pgviiUs:ansmw tWaUaadanAnumwavgauav Al Ing
do=uuzthinatansndudrsumsasowsaudinsowavua:zubug

PTCF Framework: lasvasiogaoiudus?

13Udiudde Framework AS8UMBUGNSOWAVTLWDAS19WSDUARTUS:NEMW misraxutdiduda:
DVAUS:NDUD:BIBENS:GUNaawson Al uavaruldaghomons:laa

T C F

o_ = —
Task (fdv) Context (USun) Format (sUuuu)
uandvhAtudavmsiH Al hagwdalou tHdayaWuHaAY, WKLY, NaUIUHLIY s:ylasvasousvnadwsidavms Lwu
16U ey, asy, wa Hsa301sad ua:gaiansudu msv, s1ems, JSON KSpdla
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Mag1vairsis PTCF Framework
dranr1a1sivaanmavargaadikun 4 SUaK

“Fuunuintdulnsutuaswatluaaiucd Panuuvuldsunsuoanitavme 4
auark amsumuaammunluuomlaa ag1naauKkun wadgunsal
wWgvauwa 1 nnmu unauaiusUuuumsm wuvidudlaok du

Usuasy uazbals”
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arogvaisis PTCF Framework

vrgmMuwuadnansiudwasiusu 3 Uuovkudrgviusy

o a— S—

“lumus mquunUsnmmunaansa\mﬂs ¥eaSWwIUWUNAgNSAINAN
studwaswusu 3 U amsuhu:)amusvnuuamﬂomuqus RVIEE
yunalns AovnisUsuns: uaumsmmulhnuauaua WUUS=anSnw asu
Wu bullet points MelaKkdUd Vision, Goals, Initiatives, ua: KPIs”
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arogvaisis PTCF Framework

WwWuuNAJIUDSUIY Generative Al TKUSKIsoU

“luunulinuavunldgunautnudanginalulad ¥yuWsUUNAILUOSUIY
Generative Al amsuwmunﬂu ﬂaulLl”mmanawusmsnIuIUUﬂ
mnumwafuuunmsa\)numu Al lunsWouunavAns dovastintdnw
soulaglulgAwngusou umuuaualwa\)wamamsmoaub lWauUAIIUEYID
800 A wuvtuundi oK 3 Kdiagae Las asUmalsa\)
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ua:usuufwsauduavaruwalRIdwaawsntnalAgviundavnsuInGu

1. lU8UWSDUQ

(PTCF)

6 C
(€2 Q

3. USuUsowsauad
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Al Hallucinations: niagvistiia Al “Kaau”

AI Hallucination AaUusianmsadnlutaa Generative THE SUN
Al aswdayan Kawa1ak3aLALTIURY WHDQUILEDHD IS BLUE
llazdulkQduna Lsu p—

e 9103VUNAWIVYNIUTDYDSL
e LAVIKOMSAUNIVUS:IAMAQS
e [KUDYaWQLAEIAUNNKUIEKSDINYIANAQS

ankanmikiaa Al Hallucination

e lulnaluddayadsSvuuuisgalny
dvIndayan(s training Boa1dd:lulydalfindsy

AauAauLAsSe MAatAull KSau1ausun
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D - Y
Y < NSTDA

UoavAau Al Hallucination Taagavls?

1. @9ALWU Prompt KD (Enmuidapu s:yuSunlkAsu KSd valks:ullkavnul
(reference)

2. [8innln RAG (Retrieval-Augmented Generation) WWalklulaaAukidoya
SVDINZIUTDNAKSDENAISNIGDHDIA

3. Aalutaatawiznv Wadsuuavluvlaadigdayalowizgiu

4. 18 prompt gogwaldagavnmvolk Al aouin “Tus” [a
5. naudaulagyldviu laslowrzllaldluBavd1Aty WU ARKUIY ASUWNE KSD
u1d
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Taxonomy of AI Hallucination

Table 2: Comprehensive taxonomy of LLM hallucinations

Comprehensive
taxonomy of
LLM hallucinations

Intrinsic: self-contradictory
content

Extrinsic: introduces
nonexistent entities
Factuality: does not match
real-world knowledge
Factual Errors: incorrect or
fabricated content
Contextual: contradcts or adds
to context

Instruction: fails to follow
instructions

Nonsensical: irrelevant
responses

Code generation: illogical or
incorrect code

Cossio (2025) https://doi.org/10.48550/arXiv.2508.01781

Type Definition/description Example Sources
Intrinsic Contradicts provided in- Summary states birth year as 1980
put or context; internal then 1975. [7:70]
inconsistencies.
Extrinsic Not consistent with train-  “The Parisian Tiger was hunted to
ing data; introduces non- extinction in 1885.” f2o,1]
existent entities.
Factuality Contradicts  real-world ~ “Charles Lindbergh was first to
knowledge or verification walk on the moon.” i3]
sources.
Faithfulness Diverges from input Summary claims FDA rejected
prompt or context. vaccine when article stated ap- 196;61]
proval.
Factual Er- Incorrect, misleading, or Bard claiming JWST took first
rors fabricated content. exoplanet images. [
Contextual Contradicts or adds to Input: “Nile in Central Africa.”
provided context. Output: ile in Central African [42:4;27]
mountains.”
Instruction Fails to follow user in- Translates question to Spanish but
structions. answers in English. 101]
Logical Internal logical errors or Incorrect arithmetic in step-by-
contradictions. step solution. [42:47;34395]
Temporal Time-sensitive errors and  “Murakami won Nobel Prize in
anachronisms. 2016.” [47;51]
Ethical Harmful, defamatory or False accusation of professor with
legally incorrect content. non-existent citation. [47:4031]
Amalgamated Incorrectly combines (Blending disparate information)
multiple facts. 27;
Nonsensical Irrelevant responses lack-  Switches from “Adam Silver” to
ing logic. “Stern” in NBA discussion. [42]
Code genera- Incorrect or nonsensical Illogical code unfaithful to require-
tion source code. ments. [57:2]
Multimodal Text-visual content dis- Identifying non-existent object in
[38;98]

crepancies.

image.
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RAG: Retrieval-Augmented Generation

InATARMTA LLM (Large Language Model)
aw1sa “Auridayassv” Mngudayaksalonais
Myudn waslddayauuuydrelumsasivAiaau aa
Jeykiinawararkso hallucination

RAG A9A1SSOIUWALUIV...
& n1sAudoyaninlonaisssv (Retrieval)

f

# msasiwdoanduare Al (Generation)

walkldrmaaun gadav, TKanguad1vav, La: wWildovg

HOW RAG WORKS

RETRIEVED | |
QUERY |

RETRIEVED

J TEXTS

Al
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=g
NST
asua:zlsviu RAG laagvls
4 N
: : e Vector
e ) e
docamems | = -2<%> | Embedding | -9 > | " database
model . L
|
g% Similarity ¥ doimf:fs
% 3 f search . v
Query sed __-"o | SIIPP |----"
HA& M Encode) . 7 / = \
- ==
e ., _____ ([ St iompTe +
R % LLM 6 it %
esponse
1\ P L I ¥

Image source: https://www.dailydoseofds.com/a-crash-course-on-building-rag-systems-part-1-with-implementations/

DA
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CRRHENTERE R

anleynin1smaudin (Hallucination) tWs1zA"
nougnassaIndeyadieniio

JaAVDINT5 LY RAG

11511 RAG anUszenaldlildiisauadael LLM aoudauldntu uidweudsslewinddaysie

asdnsluvatq du virlinsidhfaasldusslemiandeyaluluedneiivssansawgean

SN

L4 s ¥
doyalutlogiviane asaaeula
WeedUian Knowledge Base, LLM fagil aunsasedelddnAneutuniannenans
anuiluie viudi lideamsuluiianun wsaunasdayadilvu tuauindede

mangiudayalaniznia

¥l LLM eusanuieafudeyanislu
asAnsldegnediusyansnm
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Technical Aspect
NSTDA Chat Al
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NSTDA ChatAl (311ns)

ol (D) gpt-5-chat-latest v +
(Open Waoul) Set as default

@ NewChat

Q  Search

£ Notes

8% Workspace
Chats
Today

OpenWebUI Overview il

Previous 7 days
F MIAUNNTIYNS

= Thai Official Meeting Note
7 S¥uiiema

\ipwmdsluina Al &

# Building Modern IT Culture

Previous 30 days

& Percentage Calculations

w Al Hallucinations & Risk Manag
4 Clear & Direct Communication
& maluladownan
ADUAIDNNUAZEIBINGD

< HRBP masgiuianau

LLM Monitoring Data Extraction i
Employee Data Integration *
n8n Recruitment Workflow &

& Manaschai Kunaseth

Ol Open WebUl

@ gpt-5-chat-latest

g lennuasvara Indidnanyudunniu - ldniweinsge - maneiu
Aneiidsdn madisulaa msdeasuazaewnudidaaireassd

(OpenAl)

How can | help you today?

+ @& WebSearch & Image

4 Suggested

nIIANITIENY
Farvisnuam lassaanesgu

nsuisuiiisudaya
wWisuifisudayafiomynuananuazaNENRNE

Summarize a concept
science, technology, innovation

-
©

50



CHSBATAT NSTDA ChatAlI Architecture &

GenAl API
A o o
e » Gemini
Session Storage 4 Claude
\/
Access via Web / \
Browser (VPN)
Load PostgreSQL
Balancer OpenWebUI 7\
Users \ J
A Control User's
v Quota

% i OpenWebUI Monitor )<
Cluster
OpenWebUI Monitor
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NSTDA ChatAl Components

NSTDA ChatAI riviuaguu Kubernetes Cluster lagimsigviusasawduasavd
OpenWebUI - i5ilus:uukandriksumsivulunmissurmaiumagidviuWiuktibu ua:
dv request TURRIAUSAS Generative Al tiaUs:uiawaua:iAasuuiuaavia lagl
n1sAvAlk OpenWebUI Gais AutoScale tWushudu Pod Alkusastiaiusuraunsis
vIugvIu
NGINX - ikthAlu Load Balancer iWosamsaisas:orgusuiaunisioiuludgv Pod
dwAwalkusnisod
Redis - dviulunissanis Session msioudasiusuuin wolkaisifoudadildviuvow
Wlsoadgsnw
PostgreSQL - tslumstiuvdayacive lunistdvius:zuu
OpenWebUI Monitor - i5luaispauauansmisidviuvevyls uaztavananisidoiuvov
S:UU
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e Julnaswsulawusass dr1ksulsanlsviu
LLM/AI

e QOadvuazloadiovlda Ayuaudaya-AduWudiuad

e sovsukalg backend (Ollama, OpenAl AP],
Hugging Face 4a4)

e Wwoskan: samsuya, lUswaluiaa, Janaulasuy

° wcuuw[oanauuum sUlaadatdiov

OpenAl / GPT 4

How can | help you today?

Open WebUI
https://docs.openwebui.com/ Ol Openie 53
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l e sovsumsaasiMaiuluiaa Al lagkngoanvIKaoN(E
{ OpenWebUl J munsldviudsvalremsuu token
(Core Chat Backend)
API + Token Data e Imsuaavwansidviu (usage visualization) ¥oalk

R e Wdnsldnswenaslaone

¢ Usage Monitoring

il e Wauuuulowusasa meld MIT License uazdns
« Visual Reports Qlla5U lOC]E)EJ"l\)C]IE)ll':IE)\)
I
|} \2
Deployment Admin /Manager
(Vercel / Docker) (Web Panel)

https://github.com/VariantConst/OpenWebUI-Monitor 54



Parameter
User authentication

Al Model

RAG
e chunck size / overlap
e OCR
e embedding function

Web search

Configuration
OAuth via MS (LDAP also possible)

OpenAl (chatgpt-4o, gpt-5)
Claude (Sonnet 4)
Pathumma LLM

Enabled
e 1200/ 150 tokens
e disabled
e text-embedding-3-large (OpenAl)
or BAAl/bge-m3

Enable (duckduckgo)
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Topics

e 1MAWSYA Generative Al

e sly Generative Al Wwoa1stwWuUs:ansAIWIUDVAAS

e asdiAnwvIlumMsWauuuazus:zgndlsgoiu Al
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Pathumma LLM Pathumma LLM
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Vision LLM
Audio LLM

Partii Note




O 346 nodes Heterogeneous HPE Cray EX cluster
Ld 176 GPU nodes with 704 NVIDIA A100 GPUs

L# 160 CPU nodes with 20,480 CPU-cores

SUPERCOM PUTER L@ 10 High-memory nodes, each contains 4TB of memory

*Peak performance at 8.15 PFLOPS 0 10 PB of high-performance parallel storage
O High-performance interconnect using 200 Gbps




Key Takeaways

Al mdvwaguudavlannisritviuagivsia€rtugiv 5 UAKIUL
dowans:nucanna1tw

A1sU1 Al U (EADLWDISEUIUSUN ADIULKUIEN WlazAIuUaaQAng
yavudazovAnsnvSILazlABU

Auntd Al Tdagvidus=ansmwa:lawWssu wsi: Al Wlduiunun

uuud uaaunild Al WuazuununAunluls
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| chatai.nstda.or.th

Thank you
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